5540 BH 4 #H fiE )| il T i Vol. 40, No. 4
2025 -4 A JOURNAL OF ENGINEERING FOR THERMAL ENERGY AND POWER Apr. ,2025

SRS 1001 —2060(2025)04 —0190 - 08
ETHEMEWRENABRKRERZEERIZETHAR

RAEN, fe AAHE AL R R KA
(IHAEERHAS LB HFRFTEAT LT #H4 338000)

OB AMA-MNEEF LAY AR ARG, MIENAMAKRRGEA BN IS S 8B TS EFHE, AT H
BEER T WEREER KBIMMEIA KRG RS B0 B 69 3R A THIERSOMIENLAAKRLT
BB gk, Bk, RIABEE AL & (SMA) 4 5482 (VMD) Fik #4742 2 S s 2 A 1851 B T 09 &
HARAL ;3R R A RACIE 69 VMD ok s ROEAALA A K R AT RAE 185 B A, R T2 st 5 o9 &) K A2 BT 1e W
% (Bi-LSTM) S ik 45 3 MR BEUZL A K R AT RRACT BT AE AL s U6 A KB B FRE )7 1 000 MW MR BEALZRIA K A& %
A FATHE R AT, L RA . BGEE Bi-LSTM 69 % A6 435 W7 BE A +T 52 LR BEAULLL A K & 45 6978 R85 B, TR o,
TR AR AR F R SRR E L

X8 IR B RS OK RS B RE S TR AL

FE 4 2S5 . TK269; TP18 XERFRIZAD : A DOI:10. 16146/j. cnki. rdlge. 2025. 04. 021

[SIAZAER ] kR, BRI, BB 25, 45, JETHUR AL & AL ALK R B BRIZ W DT [ 1], kS 71 T2 ,2025,40(4) -
190 —197. ZHANG Lingfeng, XIONG Chunhui, XIONG Yichen,et al. Research on intelligent diagnosis of steam water system of coal-fired u-
nits based on data fusion[ J]. Journal of Engineering for Thermal Energy and Power,2025,40(4) ;190 - 197.

Research on Intelligent Diagnosis of Steam Water System of Coal-fired
Units based on Data Fusion

ZHANG Lingfeng, XIONG Chunhui, XIONG Yichen, HUANG Haiming
(Jiangxi Datang International Xinyu Second Power Generation Co. , Ltd. , Xinyu, China, Post Code; 338000 )

Abstract; As a kind of professional cross complex system, the steam water system of coal-fired units has
the characteristics of complex structure, parameter coupling and variable working conditions. In response
to the development demand of intelligent power plant, achieving the purpose of coal-fired unit steam water
system intelligent diagnosis, a coal-fired units steam water system intelligent diagnosis method based on
data fusion was put forward. Firstly, the slime mold optimization algorithm (SMA) was used to optimize
the parameters of variational mode decomposition (VMD) algorithm including the number of decomposi-
tion layers, convergence tolerance difference and penalty factor. Secondly, the optimized VMD algorithm
was used to decompose the data of the coal-fired units steam water system. Meanwhile, based on the im-
proved bidirectional long short-term memory network ( Bi-LSTM ) algorithm, the intelligent diagnosis
model of the steam water system of coal-fired units was built. Finally, the steam water system of a 1 000
MW coal-fired unit in a power plant of Datang International Power Generation Co. , Ltd. was taken as an
example for the study and analysis. The results show that the intelligent diagnosis model for the improved
Bi-LSTM can effectively realize the intelligent diagnosis of the coal-fired units steam water system, which
has important practical significance to the intelligent construction of coal-fired power plants.
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