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Fault Diagnosis of Wind Turbine based on Continuous Average
Spectral Negentropy Improved Empirical Wavelet Transform
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( School of Energy and Power Engineering, University of Shanghai for Science and Technology , Shanghai, China, Post Code ;200093 )

Abstract; Aiming at the problem of weak fault features of wind turbine gearbox bearings insufficiently ex-
tracted by empirical wavelet transform ( EWT) under the background of strong noise, a sliding window is
used to extract the continuous average speciral negentropy (CASN) of the sub-bands to improve the EW'T
algorithm. The CASN-EWT method is used to decompose the fault signals of the wind turbine gearbox
bearing , and then the acquired components are filtered and reconstructed by the kurtosis criterion ,and the
envelope analysis is carried out to accurately extract the fault characteristics. The results show that the
CASN-EWT method retains the adaptivity of the EWT algorithm, which can effectively avoid the modal
aliasing effect and the end effect , and meanwhile greatly improve the robustness of the EWT decomposition
algorithm to noise, contributing to accurately extract the frequency of the fault characteristic to realize ac-
curate fault identification.
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